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BERT SOLVES DIALOGUE #LAUGHTER

Recently, multi-layer neural language models pre-trained on massive amounts unlabeled

data have been used to provide context-sensitive word vectors and sentence-level dis-

tributional representations. One such mode]
architecture to achieve state of the art resu.

, BERT, uses an attention-based transformer
ts on a variety of NLP tasks (Devlin et al.,

2018). However, given that BERT is pre-trained on book and encyclopedia data, there is

no guarantee it will improve performance on dialogue-specific tasks. To assess BERT'S po-

tential for dialogue applications, we propose a series of dialogue act recognition (DAR) ex-

periments with various utterance encoders, including BERT.
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Neural dialogue act recognition model
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non-verbal (x) .108
appreciation (ba/fe) 101
statement-opinion (sv/fx) .092
conventional-closing (fc) .067
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Switchboard dialogue act tags

Dialogue acts represent the meaning of an utterance by
the speech act it carries out (Austin and Urmson, 2009).
Dialogue act recognition (DAR) is the task of automat-
ically labeling utterances with tags from a dialogue act
schema such as DAMSL (Core and Allen, 1997).

Classes: 44 (including continuers and padding)

Dialogues: 808 / 115 / 232 (train/val/test)

Utterances: 156441 / 20825 / 44350 (train/val/test)

RNN for representing discourse

Many DAR strategies attempt to model discourse

context in addition to the content of the utter-

ance in question. Stolcke et al. (2000),
ple, use a HMM to tag dialogue acts. T

state of neural sequence models can a.

for exam-

ne hidden

SO represent

discourse context (e.g. Kalchbrenner and Blun-

som, 2013; Tran et al., 2017).
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